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Fig.1 Speech waveform used for simulations.
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Fig.2 The tracking performance of the RLS, the

Levenberg-Marquardt, the O(N®) Tikhonov,
and the O(N?) Tikhonov algorithms: N =
64,F =10"% A =0.98,a = 6 = 107°.
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Fig.3 The tracking performance of the RLS, the
Levenberg-Marquardt, the O(N®) Tikhonov,
and the O(N?) Tikhonov algorithms: N =
32, F=10"%A=0.98,a =6 =10"5.
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Fig.4 The tracking performance of the RLS, the
Levenberg-Marquardt, the O(N®) Tikhonov,
and the O(N?) Tikhonov algorithms: N =
8, F=10"%A=0098a=6=10"°.
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Fig.5 The tracking performance of the RLS, the

Levenberg-Marquardt, the O(N3) Tikhonov,
and the O(N2) Tikhonov algorithms: N =
8, F=10"%X=0.98,aa =6 =10"9.
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Fig.6 The time-varying condition numbers of the

correlation matrices: N = 64,\ = 0.98,a =
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Fig.7 The time-varying condition numbers of the
correlation matrices: N = 8\ = 0.98,a =
§=10"°.
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