RSP IR ABRR T 9 St P BSSIZ & 1) S %L
WU D A & B R

EE&: Japanese

H AR E:

~FH: 2017-10-03

*F—7—NK (Ja):

*—7— K (En):

EEE: 1%, #ath, I, 3=, %, BR
X—=ILT7 KL AR:

il=F

http://hdl.handle.net/2297/18229




ooooboogogooob BsSubuogoooouooon
Ooon

Improvement of Linearization in Cascade Form BSS for Nonlinear Mixture

OO ood
Yuya Takeda

oo oof
Kenji Nakayama

oo oot
Akihiro Hirano

‘0000000 DOOO0O0O0O0 00000000

Division of Electronics and Computer Science

Graduate School of Natural Science and Technology, Kanazawa Univ.
0000000 0000000 00000000

Division of Electrical Engineering and Computer Science

Graduate School of Natural Science and Technology, Kanazawa Univ.

E-mail: nakayama@t.kanazawa-u.ac.jp

good

gbobooobobobooboboooobooogoon
goboboooboooooobgobooboooood
uobooOooooboooooboOooobooooon
oooobooOoooboooooooooboooono
gobobbooooobobbooobobobbobbbogoo
gobobboooboboooobboooobboobogo
gbooboooooboooobooooboooon

gbooooboooooboooooooboooaoao

gboobooobobooooboboooobobod
goboobooboobooooooboboobobo
gooooooo

ABSTRACT

A cascade form blind source separation (BSS) has
been proposed for nonlinear mixture. It consists of
a signal separation block and a linearization block in
this order from the input to the output. In this pa-
per, a learning process for the linearization block is im-
proved. New ideas are introduced for initialization and
adjusting of parameters. Performance of linearization
is well improved. Furthermore, by ordering the new
linearization block and the signal separation block in
this order, the number of sensors can be well reduced.

For instance, 3 sensors are enough to 3 sources.
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